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PE (pos,2i) =sin [W) (3

. pos
PE (pos,2i +1) =cos [WJ )

K pos AT TN E, d NIRANLESE.

(3) BAFlE

AN NLE BN R A E RN S B IR AT
JnFd
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Ve 7 8 S5 R A, R A IO R T R ZE ROR, 5 B A
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VER /17808 (attention distillation) 1% > R IFHEE S (learning
rate scheduler) o 58 iIE % #7300 A BY 1 BE AU SE MR, AR S
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(1) Base 7E 243t Transformer FEa 1 A5 st = Sy HLH]
e B EAGAGEE . TR ) SR 55 o S R AR A e, R
Jif Transformer;
(2) Base+S 7F Transformer #8 Fe il 5] AMgiiE = h
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(3) Base+S+N #fill 1 3F A Bl 45
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