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FTP-Patator 7 894 7 894
SSH-Patator 5861 5861
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Bot 1043 7772
Web Attack-Brute Force 1497 5988
Web Attack-XSS 648 5184
Infiltration 34 8704
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Heartbleed 11 5632
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DeepGFL 0.971 0.948 0.448 0.531
MLP 0.705 0.884 0.862 0.872
LSTM 0.975 0.984 0.898 0.895
1D-CNN 0.971 0.981 0.901 0.939
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ALSTM 0.983 0.988 0.980 0.983
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