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augmented dickey-fuller (ADF) Kl R4 e A 308 A
Python ] statsmodels /% 77 [1] adfuller & %47 ADF K36,
ABRBEA SC R 8] 3 51K Sy AR TR A

import pandas as pd

from statsmodels.tsa.stattools import adfuller

data =history _flew

# 1T ADF Kb

result = adfuller(data)

# it ADF Siit-2 1 P {4

adf statistic = result[0]

p_value = result[1]

# fi H i A

critical values = result[4]

print(f 'ADF Statistic: {adf statistic}")

print(f 'P-Value: {p_value}')

print('Critical Values:")

for key, value in critical values.items():

print(f '{key}: {value}')
if p_value <0.05: # LR EMKTH 0.05
print('Reject Null Hypothesis: Time series is stationary')
else:
print('Fail to Reject Null Hypothesis: Time series is

non-stationary')

b G 4R

ADF Statistic: -1.827

P-Value: 0.366
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Critical Values:

1%: -3.457

5%: -2.873

10%: -2.573
322 FKRMHEDDE

MG T CADF statistic) KT B 7 (¥l S48 (£ 1% 5%
H10% HRZMKE ), RUIARIEL R, EIAREIN
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ITZESy, Al PR

i pandas FEH1 ) diff() B R Tk 55— AN TR) 41 Y
—BrZ5r . AR ZE SR MRS R SR
17 ADF 155 .

import pandas as pd

from statsmodels.tsa.stattools import adfuller

data = history flew

time_series = pd.Series(data)

# 5E N EREEIAT ADF 56

def adf test(series, max_diff=5):

for i in range(1, max_diff+1):
differenced_series = series.diff(i).dropna()
result = adfuller(differenced_series)
adf statistic = result[0]
p_value = result[1]
print(f 'ADF Statistic (Diff={i}): {adf statistic}')
print(f 'P-Value (Diff={i}): {p_value}")
# JIWT 2 IR TR
if p_value < 0.05:
print(f 'Reject Null Hypothesis (Diff={i}): Time se-
ries is stationary\n')
else:
print(f 'Fail to Reject Null Hypothesis (Diff={i}):
Time series is non-stationary\n' )

# $14T ADF K5

adf test(time_series)
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