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al a2 a3 a4 labell | label2
(Age) | (Prescription) | (Astigmatic) | (Tear) | (Class) | (Class)
young myope no reduced T not
young myope no normal F soft
middle myope yes reduced T not
middle myope yes normal F hard
middle | hypermetrope no reduced T not
middle | hypermetrope no normal F soft
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(Age) (Prescription) (Astigmatic) (Tear) (Class)
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breast Average Acc | 0.956 | 3 0958 | 2 [ 0959 | 1
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