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NP — PR EIE X I BRI ST, S — o S
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LRI RIS . BPo dhiml @, F 75 N 53 38 & 78 Tl Ab
PR ORFAESEHL. RRAE R A A0 S A P AT SR FH CSO2E S T A
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2024 FZ5 5 1A m



THENNH =

2 EWERS S
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1493 5, HHmE HARREL A WS Rk Ze 48 (hat) FIR
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2.1.2 SEROERES

AR S5 5K F IR A 315 GPU i NVIDIA 3090 24 G,
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H Pytorch 1.9.0 VR~ SIHESL . R YOLOvSs HEATSE5,
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22.1 sEEREE R

B ot YOLOVS 59 5 5 46 YOLOvSs Sy i AH R 1)
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mE 6 fron, BEALRR IR IR, HALRR VRN FRAR. X T
JRR R, PPN AR E LA EE (R FHIREE (mAP)
A ExT LG ek, PRI B AR AT 50 G HUR R IR 8L,
1E100 o2 EEdia T Re, WHEICRRE, AR, 7
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BUEYOLOVS J
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n n . n s . L L n
0 50 100 150 200 250 0 50 100 150 20 250
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B 6 AitATE R A= mAP 3tk i &
2.2.2 THRhSE
NARTHI 43 AT 20E YOLOVSs #4878 v 5 c gt A b o B35 11
TER, PAKRISENH YOLOVS NFERIEIAR, W ihiHmhsess, 4
MUt ) S AHR IR YOLOVS B8 e, 5 R B /ETLE,
v RGN, BRI 1 FR.

&1 HRRR R

pm | RepG- M0 RepG-| C3- | itk
FPN FPN |DBB| SPP

P R mAP

1 0.885 0.8 0.857
2 v 0.885 | 0.816 0.869
3 v 0.883 | 0.827 0.876
4 N N 0.886 | 0.84 0.889
5 v v v 0.889 | 0.849 0.901

HHEE 2 /A, B 1 (YOLOVSs) (14 [l SRANF H ks
434 0.8 #10.857; 147! 2 7E£ ¥ e Efficient RepGFPN P45 5,
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YOLOV6s 3.0 0.884 0.829 0.877
YOLOV7-tiny 0.882 0.824 0.87

YOLOVvSs 0.888 0.828 0.883
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