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# #

# PB4 H0 batch size, H &N I HE S SR
H. H’

1

nbs =16
Ir_limit_max = Se-4 if optimizer_type == 'adam' else le-1
Ir_limit min = 3e-4 if optimizer type =='adam' else 5e-4
if backbone == "xception":
Ir_limit max = le-4 if optimizer_type == 'adam’ else le-1
Ir_limit min = le-4 if optimizer type == 'adam' else 5e-4
Init Ir fit = min(max(batch_size / nbs * Init Ir, Ir limit_
min), Ir_limit max)
Min_Ir fit = min(max(batch size / nbs * Min_Ir, Ir_limit
min * le-2), Ir_limit max * le-2)
# #

# R RT AR
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Ir_scheduler func = get Ir_scheduler(lr_decay type, Init Ir
fit, Min_Ir_fit, UnFreeze Epoch)
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# #
# R optimizer type EFLIL4
# #

optimizer = {
'adam’: optim.Adam(model.parameters(), Init Ir fit, betas
= (momentum, 0.999), weight decay = weight decay),
'sgd': optim.SGD(model.parameters(), Init Ir fit, momen-
tum = momentum, nesterov=True, weight decay = weight decay)
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