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B3, fi NN 224 X224 K/NE) CT B, A B
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ResNet 5 b 4k 2L F2 BUSC (5 B U0 3\ ResNet Bidh )5, 7F
MU CAM HF, RRAFE e T 48, MY, SRS mIEREE D
E M,. 44 ResNet BHCR FHEUR 7 7l 64 128, 256 FlI
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AW 55 H T Windows10 5 1 & %t Fl PyTorch #5 & T
CBAM-ResNet18 i/l V- 4, Python iz < 5 3.8.13, PyTorch
WA 112,01, #5801 255k H [ AL 21 28 2 408 Intel(R)
Core(TM) i7-9750H CPU@ 2.60 GHz 2.59 GHz, GPU A
NVIDIA GeForce GTX 1650, {474 16 GB, MAFHN 24 GB.

NGB B, i\ CT BMEK/NA 224 X224 batch size
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Kt T, A Ty BRIl CT BURFEAB IER AR, Fp
FlFy RORHRT R P B S T 58 40 M PP R T P R
AT T segs, fERHE BRI T %, NG, &
B e —FnR T, 5HE 4 KL 0MEHR (BF
GoogLeNet. ResNetl8. ResNet50 1 Xception) #E4T AT EL,
133 3 il EE CT BUR R IPERER I, W 2 s - 3R 2 vl 1,
ik () CBAM-ResNet18 1 MU 7E R A<, HE 3. 7 [m] AN
F 38 BB B IR T
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g | EE | mEE | AEE [ R
(Accuracy) | (Precision) (Recall) (F, Score)

GoogLeNet 93.12% 92.48% 93.26% 0.926 8
ResNet18 95.10% 94.46% 95.13% 09515
ResNet50 96.70% 95.82% 96.55% 0.962 4
Xception 96.78% 96.08% 96.65% 0.963 2
Rilsggé\t/l]_g 99.33% 99.34% 99.33% 0.993 3
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B 6 M2k CT B 4%MX % 49 ROCROCROC #

BT TR R R b v R SR B LB X 4 A R GV R
FEEU S CT BSR40 515 2, A HL 1 A8 36 AR W K F) i) 7
AHIE ST T — B o 3k B4 i CT AR R i A5 A CBAM-
ResNet18, HARRGIVERE R BT, TR WR.

(1) K CBAM MLl 7 ff) MLP #EAT B3k, WAL 4210 2
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) CBAM L il A ResNet 5% % 51, 454 AlphaDropout
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