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tokenizer = BertTokenizer.from pretrained(

model = BertModel.from pretrained(

(query):

inputs = tokenizer(query, return_tensors= , truncation= , padding= )
torch.no_grad():
outputs = model(**inputs)

query vector = outputs.last hidden state.mean(dim=1).squeeze()

query_vector

(query, index_name= ):

query_vector = query_to_vector(query).numpy().tolist()

response = es.search(
index=index_name,

body={
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