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J5if]: Also, the space bar makes a noisy click every time you use
it.

HSEFEA: Also, the windows 8 makes a noisy click every time you
use it.

J5if): The hinge design forced you to place various connections all
around the computer, left right ...

HASEFEA:  The MacBook Pro forced you to place various
connections all around the computer, left right ...

Jiif): Their pad penang is delicious and everything else is
fantastic.

HASEFEA:  Their cosi sandwiches is delicious and everything else
is fantastic.

Jiif): 1am learning the finger options for the mousepad that allow
for quicker browsing of web pages.

H5RFEA: 1 am learning the finger options for the mouse that
allow for quicker browsing of web pages.

Jiifi): 1 charge it at night and skip taking the wires with me
because of the good battery life.

HERFEA: 1 charge it at night and skip taking the cord with me
because of the good portable battery.
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