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ML VF A $8 b AR B 5 B 7 T A0S B g R TR SRR
TRDPD™ (¥ 0] YN ZRARHD, AR SCAUARHE AR 5 SCHR o 1725 W0 PP Ay
FEARREAT X Lo #T, T AR AT B AR S RO AT L, Ak 2
Rk 4 P,
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2.1 SEIGIREE SR

A S 25 5 R 5L T ubuntu18.04 & 48, PyTorch
A 1.8.1, Cuda fRAS 11.1. A SCA# ] BSD400 % 4 4 7
o1 400 3K 2> FE 29 180 px X 180 px 4K 1 FA% A 9 i)l 25

% 1 REH A4 Setl2 WX % _E49-F35 PSNR 4= SSIM %4 %

Mk 75 K
FME
Peak=1 Peak=2 Peak=4 Peak=8 Peak=20 Peak=40
NLPCA 20.69/0.506 21.52/0.565 22.02/0.594 22.24/0.614 22.37/0.622 22.53/0.629
BM3D 20.12/0.555 21.51/0.600 22.40/0.635 25.33/0.709 27.38/0.770 28.20/0.744
TNRD 20.59/0.532 22.00/0.593 23.44/0.648 25.13/0.702 27.33/0.783 29.14/0.832
[+VST+BM3D 21.17/0.544 22.43/0.585 24.00/0.642 25.57/0.700 27.74/0.770 29.33/0.812
Proposed 21.25/0.565 22.64/0.625 24.10/0.679 25.71/0.735 27.82/0.803 29.45/0.844
% 2 RR ik & Kodak24 WX & £ &9-F34 PSNR A= SSIM £5 K
gt P KT
FMEEVE
Peak=1 Peak=2 Peak=4 Peak=38 Peak=20 Peak=40
NLPCA 22.00/0.502 22.83/0.546 23.41/0.578 23.73/0.593 23.89/0.605 23.99/0.609
BM3D 21.29/0.541 22.68/0.577 23.50/0.604 25.66/0.664 27.30/0.720 28.50/0.745
TNRD 21.88/0.512 22.94/0.554 23.78/0.604 25.49/0.668 27.31/0.750 29.34/0.808
[+VST+BM3D 22.81/0.544 23.73/0.579 24.90/0.618 26.21/0.661 28.05/0.731 29.54/0.781
Proposed 22.65/0.547 23.71/0.592 24.88/0.640 26.25/0.698 28.13/0.770 29.64/0.820
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(e) TNRD

LR A
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% 3 IR H ik 4 BSD6S M)XK L &9-F 4 PSNR #= SSIM 4 &

Mg 7 /KT
FME I
Peak=1 Peak=2 Peak=4 Peak=8 Peak=20 Peak=40
NLPCA 21.26/0.466 21.99/0.506 22.49/0.534 22.72/0.547 22.91/0.554 22.99/0.558
BM3D 20.54/0.495 21.86/0.534 22.58/0.557 24.52/0.625 26.04/0.686 27.41/0.732
TNRD 20.99/0.477 22.12/0.525 22.93/0.581 24.56/0.649 26.34/0.742 28.36/0.806
[+VST+BM3D 21.65/0.487 22.56/0.524 23.68/0.569 24.92/0.624 26.73/0.703 28.25/0.762
Proposed 21.64/0.506 22.62/0.556 23.74/0.609 25.23/0.681 27.06/0.761 28.59/0.818
% 4 AKX kA TRDPD £ BSD68 MK % £ 49-F 3 PSNR #= SSIM £ %
LIRS 1 7 7k T
Peak=1 Peak=2 Peak=4 Peak=8 Peak=20 Peak=40
TRDPD 21.49/0.512 22.54/0.557 23.70/0.610 24.96/0.670 26.88/0.754 28.42/0.809
Proposed 21.64/0.506 22.62/0.556 23.74/0.609 25.23/0.681 27.06/0.761 28.59/0.818
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