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HEBFSRAKR =

1 Xi&EH ML Ad-CycleGAN

1.1 Mg 454
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k1 ARBWHEIKEME

JZHL St ORI EL | S | O R A
1 VUGB 3 64 ReLU
2 NRFEERZ 64 128 ReLU
3 NRAEERZ 128 256 ReLU

4~13 PRZEP 256 256 ReLU

14 HEEMZ 256 256
15 HEEME 256 128 ReLU
16 HEEE 128 64 ReLU
17 a2 64 3 Tanh

HU 45K PatchGAN £544, W3R 2 fivs. 5 1~4 2K
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K2 FIA B EAR R

ZH St ONEER | s | R R
1 HRE 3 64 LeakyReLU
2 HERE 64 128 LeakyReLU
3 ERE 128 256 LeakyReLU
4 HERE 256 512 LeakyReLU
5 EIERE 512 1
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3-7 5X Non-bt-1D 64 244X 52
8 FRFESR 128 122X26
9 Non-bt-1D (dilated 2) 128 122X26
10 Non-bt-1D (dilated 4) 128 122X26
11 Non-bt-1D (dilated 6) 128 122X26
12 Non-bt-1D (dilated 8) 128 122X26
13 Non-bt-1D (dilated 2) 128 122X26
14 Non-bt-1D (dilated 4) 128 122X26
15 Non-bt-1D (dilated 6) 128 122X26
16 Non-bt-1D (dilated 8) 128 122X26
17 SRR 64 244X 52
18-19 2XNon-bt-1D 64 244X52
20 R 16 488X 104
21-22 2XNon-bt-1D 16 488X 104
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CULane ¥ #4578 35 7 & Rl IR & 14
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HEBFSRAKR =

2 x Precision x Recall (6)
Fy -measure = —
Precision + Recall
Precision 115 J71: 4
Precision = P
TP + FP D
Recall 11 577124
TP
Recall=——
TP+ FN S
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3.3 SLIGLE R0
3.3.1 SA-ERFNet M £545 25014 56 11F

N T B E SA-ERFNet J5 VAR H 2k, B4 i £
2R K I kX 4% ERFNet!''. SCNN. UFLD. SAD f1 SA-ERFNet
HEAT XL, 25 RN 4 fiR. ML 45 a4, SA-ERFNet
PERE AR, TE & PhIp 5 N IR DLAIR BT, SRS B F-
measure ¥ 74.39%. 1M 7£ Night 3% 5 T, SA-ERFNet. ERF-
Net. SCNN. UFLD 1 SAD [#] F,- measure 43 5 5 68.45%.
67.58%- 66.47%- 61.40% 1 66.29%, XEMIERIIZET,
SA-ERFNet Al g8 /5. MIZATIHEKE, SA-ERFNet
AL DA AR S PRI SR, B AR EE AR IR B T 77 Wi /s )
KUt, SA-ERFNet /& AHXf et 0 4 kil 7k, 83 78
DB Y i 2 AR S B PE 2 ) FT4

K4 TR i &AW T & et

B %

87758 ERFNet | SCNN | UFLD | SAD | SA-ERFNet
Normal 91.31 90.81 88.18 | 90.70 91.43
Crowded | 71.08 7113 | 6552 | 70.13 73.20
Night 67.58 66.47 | 61.40 | 66.29 68.45
No line 45.30 45.67 | 38.40 | 43.46 45.92
Shadow 67.83 70.59 | 5891 | 66.98 71.12
Arrow 86.93 85.43 | 81.38 | 84.39 86.97
Hlight 67.53 64.80 | 54.88 | 59.87 68.15
Curve 69.11 66.30 | 56.00 | 65.74 69.40
Crossroad | 2065 2236 2291 | 2052 2463
Total 73.08 7269 | 68.12 | 72.20 74.39
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B 7 SA-ERFNet % 8 &AM 7 & 5 R A

M CULane %4 42 1 BENIMECEIE, RA SA-ERFNet Jj
PR EIELRBAT NG, TS R 7 fR. ATLAE
R IAIA 5, SA-ERFNet (4B LA RO A 54, &
TSk
3.3.2 Ad-CycleGAN + SA-ERFNet 772§ 2k 3AE

N Y B AIE K S 7 7 (Ad-CycleGAN + SA-ERFNet)
AT Rk, KA SCTTiE 5775 1 (SA-ERFNet) « 771k 2

(StarGAN"? + SA-ERFNet) . 4 i% 3 (CycleGAN™ +

SA-ERFNet) . J57% 4 (EnlightenGAN"“+ SA-ERFNet) it
ATXFELSEg, SR mER 5 .

% 5 IEIAA&iE45 7 ik + SA-ERFNet #93} 1t
L %
5 Tk | k2 | ks | k4 | Aiik
Normal 91.43 91.98 92.11 92.08 92.25
Crowd 73.20 71.24 73.22 73.55 73.31
Night 68.45 68.36 69.56 69.04 69.96
No line 45.92 45.77 45.30 46.66 46.49
Shadow 71.12 68.95 71.72 76.17 72.41

Arrow 86.97 87.24 86.93 87.75 87.76
Dazzle light |  68.15 66.73 68.14 68.38 70.66
Curve 69.40 64.68 69.11 67.08 70.34
Crossroad 2463 2291 2065 2346 2177
Total 74.39 73.41 74.55 74.65 74.89

MSLEG gE R AT 1S, ATkt s At, E& g =
R IR IR Y AT, S AR RS B Fi- measure N 74.89%.
ERM 5T, KX iERN &L, F- measure 1A 3] [



69.96%, LUk 1 MEE R A T 1.51%, LIk 2 04
w i 1.6%, EE3 Ma Rath 1 0.4%, Uik 4 194
REHT 0.92%.
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