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2025 55 2 H E



WMESEERE 5

SIS EE AR, AROCHR H ) 2 AR R G SR S B Y L
TSR RS TR R Re, KR feAR R T
B ISk RIMBUB AL, 7F Duie M1 NYT $df4E ot bse
I3 M, ASSCBERLEE ob 3 Duie $E 42 B LE ERER CAS-
REL (1) F, {25 T 1.5%, [FIRE NYT $dlide B g #
LFRIR . IXFEAHIEN] T AR AE b e SCBE 2 b i it
RS, SE 45 A R I FRGC BRYTE S SR AR I 4%
FHRXT BN @I AT, AR B NYT $dls 42 %A 58
WTIbR, BRI AS SE B0 A 78 NYT Hodls £ N sE 2%
RURFAE, AN T 58 RAEHURHE, A IfT 55 FRGC HL
TEPESCHARALE IR A AR

3 58

ASCHR W T — FhAIH L 2 AR (FRGC)
AR AT R M P 3R] 1) B 5 Ok R AR AEAE RN, T Ret-
Net MZHEAT ZRHAENE B SRG, AR08 8 7 RAEAF
E%E%ﬁ%%ﬁoﬁﬁ?%ﬁmﬁﬂ,$i&ﬁ?i§ﬁ
FRAERL JEALA], 3R = SR T 5 50 AR AR R R T 2 8]
ﬁ@,M@%@gﬁﬁﬁﬁﬁ,u%ﬂ&ﬂ%@%@%Tc
LA KR, 1E Duie 5 NYT H04l &£ 10 W5 2R, A
RUAE IR AR ST 55 L8 U SE A A ORCR . FE 0 BniiE 1 A
R TR £ 9K A il U e it 1

SEH:

[1] YAN Y, SUN H L, LIU J. A review and outlook for relation
extraction[C]//Proceedings of the 5th International Confer-
ence on Computer Science and Application Engineering.
NewYork:ACM,2021:1-5.

[2] YANG Y, WU Z L, YANG Y X, et al. A survey of information

extraction based on deep learning[J]. Applied sciences, 2022,

12(19): 9691.

i, R, BBk F IR AF ) FARKX R AT

45 [J]. AR AR, 2019, 30(6): 1793-1818.

[4] NAYAK T, MAJUMDER N, GOYAL P, et al. Deep neural

[3

[

approaches to relation triplets extraction: A comprehensive
survey[J]. Cognitive computation, 2021, 13(8): 1215-1232.

[5] ZHAO X, DENG Y, YANG M, et al. a comprehensive survey
on relation extraction: recent advances and new frontiers[J].
ACM computing surveys, 2024, 56(11): 1-39.

[6] WEI Z P, SU J L, WANG Y, et al. A novel cascade bina-
ry tagging framework for relational triple extraction[DB/
OL].(2022-06-20)[2024-03-19].https://doi.org/10.48550/
arXiv.1909.03227.

[71 WANG X, ZHOU W K, ZU C, et al. Instructuie: Multi-task

m 2025 FFEE 2 HB

instruction tuning for unified information extraction[DB/
OL]. (2023-04-17)[2024-03-19].https://doi.org/10.48550/
arXiv.2304.08085.

[8] SHANG Y M, HUANG H Y, MAO X L. Onerel:joint enti-
ty and relation extraction with one module in one step[DB/
OL].(2022-03-17)[2024-06-12].https://doi.org/10.48550/
arXiv.2203.05412.

[9] ROY A, AHMED F, ABDULLAH R, et al. RetNet: retinal
disease detection using convolutional neural network[C/
OL]// 2023 International Conference on Electrical, Computer
and Communication Engineering(ECCE).Piscataway:
IEEE, 2023[2024-07-11].https://ieeexplore.ieee.org/docu-
ment/10101661.

[10] TANG W, XU B F, ZHAO Y Y, et al. UniRel: unified
representation and interaction for joint relational triple ex-
traction[C]//Proceedings of the 2022 Conference on Empirical
Methods in Natural Language Processing.NewYork: ACM,
2022: 7087-7099.

[117 LI S J, HE W, SHI Y B, et al. Duie: a large-scale chinese
dataset for information extraction[C]//8th CCF International
Conference. Berlin: Springer, 2019:791-800.

[12] ZHENG H Y, WEN R, CHEN X, et al. PRGC: potential re-
lation and global correspondence based joint relational triple
extraction[C]//Proceedings of the 59th Annual Meeting of the
Association for Computational Linguistics and the 11th Inter-
national Joint Conference on Natural Language Processing.
Brussels: ACL, 2021:6225-6235.

[I3]WANG Y C, YU BW, ZHANG Y'Y, et al. TPLinker: single-
stage joint extraction of entities and relations through token
pair linking[DB/OL].(2020-10-26)[2024-04-04].https://doi.
org/10.48550/arXiv.2010.13415.

[14] SUI D B, ZENG X R, CHEN Y B, et al. Joint entity and
relation extraction with set prediction networks[J]. IEEE
transactions on neural networks and learning systems, 2023,
35(9): 12784-12795.

[15] YAN Z H, ZHANG C, FU J L, et al. A partition filter network
for joint entity and relation extraction[C]//Proceedings of the
2021 Conference on Empirical Methods in Natural Language
Processing. Brussels:ACL, 2021:185-197.

[1E&ENT]
R (1999—),
B RiES A,

B, a®IA, ML, LT E:

(s B #8: 2024-10-21)



