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Schema Prompt
class Entity:
def _ init  (self, name: str):
self.name = name
class Relation:
def _ init_ (self, name: str):
self.name = name
class Attribute:
def _ init (self, name: str):
self.name = name

class Disease(Entity):
def _ init_ (self, name: str):
super(). _init (name = name)
class Dise_Symb (Relation):
def _ init_ (self, name: str):
super().__init (name = name)

class Triple:
ron Sigg
def  init_ (self, head, relation, tail):
self.head = head
self.relation = relation
self tail = tail
class Extract:
7 R HEL
def _ init_ (self, triples):
self.triples = triples
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